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Caste identity is contextually dependent, making identifying and coding caste challenging. We 

describe how existing approaches to coding caste capture different contexts, use different 

categories, and select and order different caste coding methods. We then develop a series of 

suggestions to more effectively describe caste coding procedures with a focus on caste coding in 

electorally-relevant contexts. We conclude by discussing strategies to align caste coding 

objectives with methodological techniques. 
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Caste remains an important individual and collective characteristic that can vary across time and 

location. These variations occur because the concepts and definitions of caste have become 

further disassociated from long-established markers, particularly occupational requirements 

(Beteille, 2012). Attempts to redefine caste rankings and categories can be collectively 

organized: groups may petition the government for recognition in a reserved category, 

intentionally refuse work in an occupation traditionally associated with their caste, or become 

active in a political party most frequently associated with a different caste (Clark-Deces, 2007). 

Caste identity may also be expressed differently depending on context, e.g., in a small village 

where everyone is from the same varna or jati, individuals may identify by their jati or sub-jati 

respectively (Jodhka, 2004). When researchers seek to identify and categorize caste, they make 

choices about their methodology that influence the result (e.g., Samarendra, 2016). 

Caste coding represents a complex classification process often more nuanced than 

attempts to classify other descriptive characteristics like gender, race, ethnicity, and religion. The 

rise of large language models and other machine learning tools have impacted the way that caste 

is and will be coded, despite well-documented biases (Khandelwal et al., 2024; Seth et al., 2025). 

Researchers are starting to use these tools for caste coding, for example, by validating them 

against reserved constituencies in the Lok Sabha and feeding caste-surname lists to them as 

training data (Dasanaike, 2026). 

It is with this future in mind that we examine already established approaches to coding 

caste. Our goal is to derive a series of suggestions for researchers to more effectively describe 

how they perform caste coding, be it with these or other methods. In doing so, we focus on the 

political dimensions of caste as expressed by and about elected politicians. 
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Defining Caste Context and Selecting Caste Categories 

Caste can be defined in different ways (Gupta, 2005; Sengupta, 2010). At the highest level of 

aggregation, the term “caste” can refer to the varna classification system plus Dalits (Sundar, 

2000; Waghmore, 2019).1 These five classes are then subdivided into jatis, a term also translated 

into English as “caste.” While the jati is the most frequently invoked level of caste identity, 

especially in everyday interactions (Jodhka, 2012), the varna designations are also regularly 

used. 

In political discourse, the term caste frequently refers to a set of officially constructed 

categories drawn from a combination of varna and jati identities. These categories have been 

influenced by historical developments and government priorities (e.g., Rudolph, 2005). For 

example, the Indian government has formulated official lists comprising the Scheduled Caste 

(SC), Scheduled Tribe (ST), and Other Backward Classes (OBC) categories (Rathore, 2020). 

These categories are highly aggregated and composed of regionally demarcated subgroups, with 

the result that some identically named jatis are included on lists in one region but excluded in 

another. 

If we look at how caste categories are practiced, we can approach classification from a 

number of perspectives, and some definitions are more useful than others for a given research 

question (Beteille, 1996). Caste-related studies often cross academic disciplines. Sociologists and 

psychologists are often interested in how caste is expressed in community interactions through 

socio-cultural dynamics (e.g., Waghmore, 2019), while contemporary work in economics often 

emphasizes how caste is used or expressed in workplaces (Chen et al., 2015; Joshi et al., 2022). 

 
1 We use the term “Dalit” here when referring to social categorization and “Scheduled Caste” 

when referring to political categorization. 



 4 

As political scientists, we are often interested in the electorally-relevant caste categories used in 

campaigns. A typical categorization includes the officially listed SC, ST, and OBC categories 

because they influence critical aspects of political life, including reservations for government 

benefits and political seats (Vaid, 2014, p. 395). Though that system alone is sufficient in some 

contexts (e.g., Cassan & Vandewalle, 2021), the Indian Human Development Survey (Desai and 

Vanneman 2015) adds Brahmin and “other forward” as categories. An “other religion” category 

can also be added. 

These six categories reflect the major political delineations of caste that are politically 

salient in India at the national level. However, the high level of aggregation of distinct caste 

groups may not be sufficient when categories need to reflect variation within a community. 

Suppose a researcher wanted to classify caste relevant in a community setting for a study of 

interpersonal or inter-familial relations, such as marriage choices. Inter-caste and inter-religion 

marriages are rare in India (Desai 2022), and a category like “other forward” would be unable to 

capture the rate of such marriages. Instead, we would need to identify jatis and sub-jatis within 

the six categories, and we might need to specify regional and/or community-level caste 

identifications since the same jati names can be located at different ranks in the hierarchy in 

different geographic areas. 

 

Existing Caste Categorization Approaches 

Self-identification, archival research, and expert classification are three popular and sometimes 

overlapping existing methods used to code caste. 

Individuals self-identify their caste in surveys, commercial and educational 

environments, and political settings. Methods of self-identification include checking one of 
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several pre-filled options as well as open-ended entry in a text box. Employment applications, 

census questionnaires, and matrimonial advertisements may have required or optional questions 

on caste. Contemporary surveys like the Indian Human Development Survey (Desai and 

Vanneman 2015) and the Centre for the Study of Developing Societies’ (CSDS) Lokniti National 

Election Studies (see Vaid, 2023 for a caste-based analysis) ask respondents to self-identify caste, 

a practice that follows colonial-era British government censuses (Gill, 2007; Walby & Haan, 

2012). The use of open-ended responses to caste questions allows for categorization at different 

levels of granularity depending on the specific coding task. Various studies have used survey and 

other self-identified administrative data to examine caste-influenced phenomena like residential 

segregation (Adukia et al., 2019; Bharathi et al., 2022). 

At scale, self-identification data can be used as training data, and Indian matrimonial 

websites are popular choices for this task. Matrimonial website data allows for caste 

identification to be linked to surnames, and, since many surnames have historical links to 

particular caste categories, a given name will trigger an association with a corresponding caste 

(Banerjee et al., 2009; Jayaraman, 2005). Bhagavatula et al. (2022) obtained six million 

matrimonial profiles from the two largest matrimonial websites and aggregated these profiles to 

determine the relative frequency of caste identification for given surnames. 

Using matrimonial data is an example of a name-based classification method, wherein an 

individual’s name provides information about their caste. Name-based classification can be 

effective when names provide informative and consistent information about caste (e.g., Clark, 

2014, p. 147’s study of common surnames in Bengal). Such a connection is often challenging to 

make in the Indian context, as caste dynamics change across locations and time. Important 
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existing work has focused on using names to code religious categories in India (Ash et al., 2022; 

Chaturvedi & Chaturvedi, 2024; Susewind, 2015). 

Archival research entails trying to find caste information about specific 

individuals, not just those who share a common name (Narain & Sharma, 1972), and it is 

most productive in identifying and classifying elites. For political actors, archival 

research uses newspaper articles about politics, published political interviews, and 

government records of electoral candidates as sources of electorally-relevant caste, since 

this information is broadcast to the public. Government education records, conversations 

with neighbors, and newspaper articles prior to political candidacy could focus on 

electorally-relevant caste, caste categories relevant in a community, interpersonal caste 

categories, or some combination of these. 

Expert classification techniques are used across a variety of contexts, most commonly to 

identify characteristics of democracy (Polity, Coppedge et al., 2024) and the ideological and 

policy positions of parties and party platforms (the PopuList, Rooduijn et al., 2024). The term 

“experts” in the Indian context refers to knowledgeable people who are credentialed through 

academic training but can also include those who are steeped in local or regional context. This 

credentialing, which can be officially recognized or independently verified by the investigators 

using the experts, differentiates expert classification from archival research. The latter is also 

carried out by knowledgeable researchers, but archival researchers are more likely to rely on 

contextual and experiential information focused on the specific topic of relevance. 

Experts on caste identification are chosen because of their familiarity with caste 

categorization in a given locality or region (Mateos et al., 2007), and researchers stipulate the 

categories to be used. Experts use their knowledge of caste names, knowledge of specific 
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individuals or communities, and historical patterns of caste identification to complete their 

categorizations. They use a variety of methods to arrive at their results: for example, in Jaffrelot 

and Kumar’s (2009) study of state legislators, experts used a mix of original surveys, fieldwork, 

and other types of data collection, but none provided details about their techniques. The authors 

responsible for each chapter produced caste categorizations either based on their own knowledge 

of a particular Indian state’s elected officials or the knowledge of individuals with whom they 

consulted. In another study, Karekurve-Ramachandra and Lee (2020) first hired experts to 

identify caste using their knowledge of caste-surname patterns. For those politicians with 

ambiguous names, they asked elected officials, party members, and other prominent individuals 

to help by either telling them the politicians’ caste or by finding out this information. Similarly, 

the former Ashoka University Trivedi Centre for Political Data (TCPD) collected government 

caste categorizations and supplemented them with expert classification and archival research.2 

 

Selecting and Applying Methods 

Each of the previously described approaches has thus far been used in isolation and without clear 

justification for how caste context and categories were selected to match the coding task. We 

propose that caste coding should include at least three steps --- identifying context, choosing 

categories, and selecting and ordering methods. 

 

1. Context: Clearly identify the context in which caste is being coded and justify how this 

context relates to the proposed application of the coding (e.g., electoral, community, or 

 
2 See, for example, https://cdsa.ashoka.edu.in/hello/DemocracyData/. The TCPD was particularly 

interested in caste categorization of political elites, including incumbent politicians and their 

challengers. 

https://cdsa.ashoka.edu.in/hello/DemocracyData/


 8 

interpersonal). Coding in multiple contexts is possible. It may be advisable to code each 

context separately and to compare results across contexts. 

2. Categories: Select caste categories that reflect the context and the scope of the 

comparison of interest (e.g., comparing caste within a village, within a city, within a state, 

across states, or cross-nationally). 

3. Select and Order Methods: Adopt caste coding methods that fit the context and desired 

categories. Consider utilizing multiple methods that and rank-ordering them to balance 

trade-offs between cost, transparency, and ability to reflect the quantity of interest. 

 

The process of selecting and ordering caste coding methods emphasizes the fact that 

utilizing a single method may not code the caste of all individuals at the researcher’s desired mix 

of cost, transparency, and the quantity of interest. Different methods also are more appropriate 

for different combinations of contexts and caste categories. 

Table 1 displays information on different caste coding methods based on three criteria 

that emphasize both how researchers conduct caste coding and how they explicitly communicate 

about their work to others. To the methods described above, we explicitly add caste coding using 

government records --- directories of individuals who have selected a caste category on 

government documents that are publicly available. We focus on contexts in which experts are 

presented with a name and asked to identify the appropriate caste. Name classification can also 

be completed by crowd workers hired through platforms like Amazon Mechanical Turk (Shah & 

Davis, 2017). Surname lists are produced by governments as part of state or national 

reservations, e.g., the Delhi Central List of OBCs. Apart from using matrimonial data as training 

data, researchers can use other training datasets and algorithmic methods to code caste. Finally, 
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researchers may engage with large language models using prompt-based or other methods that 

may or may not reveal the underlying method the model is using to provide the caste coding. 
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Table 1: Comparison of Caste Coding Methods 

Method Cost Transparency Contexts Key Challenge Example 

Self-Identification High Low Depends on question wording Data availability Ferry (2019) 

Government 

Records 

Low High Electoral, Community Limited categories Adukia et al. (2019) 

Name 

Classification 

(Expert) 

High Medium-Low Electoral, Community Clear procedures Jaffrelot and Kumar 

(2009) 

Name 

Classification 

(Crowd Sourced) 

Medium Medium Electoral, Community Worker expertise Shah and Davis 

(2017) 

Surname Lists Low High Electoral Data availability Cassan et al.(2022) 

Archival Research High Medium-Low Community Data availability Karekurve-

Ramachandra and 

Lee (2020) 

Matrimonial Data Low High Interpersonal Social desirability Bhagavatula et al. 

(2022) 

Other Algorithmic 

Methods 

Low High Depends on training data Training data bias Fisman et al. (2017) 

Large Language 

Models 

Low Depends Depends Clear procedures Dasanaike (2026) 
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We define cost as the combination of speed to complete the coding and financial expense. 

Here, both expert name classification and archival research require hiring highly-trained people 

to conduct time consuming work. Self-identification requires conducting a survey of individuals 

whose caste needs to be coded. Using pre-existing data like government records, surname lists, 

or algorithmic methods (if training data has already been collected) have low or no financial cost 

and take little time. 

Transparency is the extent to which the coding procedure is written and interpreted with 

little ambiguity — a key component in producing replicable research. Algorithmic methods, 

including assigning a new surname to the caste most represented by that surname in matrimonial 

data, are highly transparent because the training data can be fully specified. Crowd-sourced name 

classification typically has more training and procedures for coders than does expert name 

classification. Like expert name classification, archival research also requires substantial expert 

judgement. People evaluate their own caste through self-identification in whichever way they 

choose. Finally, different methods are more amenable to coding caste in different contexts. As 

political scientists, we tend to be most interested in how caste is portrayed in an electoral context. 

We also list a key challenge of using each method. The availability of relevant data is 

often a challenge that necessitates using more than one caste coding method to combat cases 

where data is missing. In cases where data is more available, the lack of sufficiently granular 

categories and bias in training data can complicate the context and precision with which caste 

can be coded. For name classification methods, clearly replicable procedures and varying coder 

expertise can result in lower transparency than desired. 
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Discussion and Conclusion 

There are myriad approaches to coding caste, and researchers can reasonably select from or 

utilize multiple approaches when completing a caste coding task. Regardless of the approach 

used, we suggest that researchers should clearly describe the context in which caste coding is 

occurring, the categories used, and the method(s) selected to ensure that readers have all the 

information necessary to evaluate the reliability and replicability of caste coding results. Large 

language models experience the same challenges as other approaches, and they can be an 

appropriate way to code caste when they best fit the coding task at hand. We argue that caste 

coding methods should not be considered and evaluated in isolation. Rather, researchers should 

be intentional about selecting and describing caste coding methods. 

Future work could compare several caste coding approaches across contexts to continue 

the discussion about the theoretical underpinnings of caste coding and its methodological 

approaches. Researchers who use different caste categorization methods and who seek to 

categorize caste in different contexts will not necessarily produce the same categorization results. 

Spending time discussing particular coding approaches follows best practices in human coding 

(O’Brochta, 2026) and helps to enrich understanding of caste as a category and its many 

variations. 
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